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Abstract. Custom power devices (CPD) are used to protect conventional and sensitive loads against power quality disturbances such as voltage 
sag/swell and harmonic distortion in power systems. The proper placement of CPDs has an important effect on the quality of improvement and 
ensures that the total costs are minimal in accordance with maximum efficiency. This paper presents a survey of the literature in the last decade that 
have focused on the various optimization techniques applied to determine optimal placement and size of CPD. 
 
Streszczenie. W artykule przedstawiono przegląd literatury z ostatniej dekady z zagadnienia metod optymalizacji rozmieszczenia i rozmiaru 
urządzeń energoelektronicznych o regulowanej mocy (ang. Custom Power Device) pracujących jako filtry, do poprawy jakości energii w systemach 
energetycznych. (Kompleksowy przegląd technik optymalizacji rozmieszenia i rozmiaru filtrów mocy w sieciach przesyłowych) 
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Introduction 

In the current deregulated electricity market, electrical 
energy is considered as the basic right of every individual 
that should be available at all times [1]. Therefore, the 
produced electricity should be considered as a certain kind 
of product with predetermined characteristics, which needs 
to be continuously analysed, predicted, and enhanced to 
ensure its quality, reliability, and availability (QRA) [2, 3]. 
Consequently, any deviation from the predesigned 
characteristics can cause power quality problems and 
failure of equipment on the customer side [4]. Among the 
power quality disturbances, voltage sags and harmonic 
distortions are the most important power quality issues that 
can affect all customers in the distribution systems [5]. For 
example, voltage decreases to 80% of nominal voltage with 
occasional tens of millisecond duration, which can cause an 
interruption in processing plants, resulting in hours of 
downtime [6-9]. The increasing tendency to use power 
electronic-based controllers at the generation, transmission, 
and distribution systems can also have direct or indirect 
effects on the system modelling, simulation, and monitoring 
tools [10, 11]. In addition, as the concern for power quality 
grows, other related concerns such as reliability and 
availability of power also increase due to the presence of 
short-duration power quality events, growing demand, 
uncertain markets, and changing environmental regulations 
[12]. Hence, the best solution to improve QRA and protect 
sensitive loads from power quality events is to feed these 
loads with proper types of state-of-the-art power electronic-
based devices called custom power devices (CPD) [13-15]. 
The required CPDs to improve QRA can be installed for an 
individual customer or a group of customers that need 
enhanced power quality levels rather than the standard 
ones [16, 17].  

Technically, the mitigation option, location, and sizing of 
the required CPDs should be determined based on the 
economic feasibility according to the required QRA, which is 
a major concern in the selection process and needs to be 
optimized [18]. Compared with the extensive research on 
the optimal location and size of the Flexible Alternating 
Current Transmission System (FACTS) devices in power 
transmission systems, few reports can be found in the 
literature regarding the placement issues of CPDs to 
improve QRA in distribution systems. Studying the relevant 
applied heuristic optimization techniques to solve the 
optimal placement of the FACTS devices can be very 
helpful due to similarity in the structure and characteristics 

of the CPDs and FACTS devices. For instance, optimal 
placement and sizing of Static VAR Compensator (SVC) 
can be done using Improved Harmony Search Algorithm 
[19], and a hybrid Bee Colony Optimization and Harmony 
Search algorithms [20], and the optimal placement of 
Unified Power Flow Controller can be solved using Shuffled 
Frog Leaping Algorithm [21]. 

Considering both the CPDs and FACTS devices, 
different formulations and methodologies based on 
heuristic, artificial intelligence or hybrid techniques have 
been proposed to solve the difficult combinatorial optimum 
location problem [22, 23]. The objective functions of these 
proposed methodologies were mostly formulated based on 
the cost considerations, while some limits such as bus 
voltage and harmonic distortion levels are considered as 
the constraints to control variables [24-28].  

In this paper, a comprehensive literature survey on the 
optimization techniques that solve the optimal CPD 
placement problem and that have been proposed recently 
by various researchers is presented. This survey covers 
most of the applied heuristic and hybrid optimization 
techniques such as genetic algorithm (GA) and simulated 
annealing (SA) to solve power system optimization 
problems.  

 
Optimal CPD Placement and Sizing Formulation 

Due to the recent advances in power electronic 
technology, CPDs have been developed to enhance the 
quality, reliability, and availability of the delivered power [29, 
30]. Many types of CPDs are connected in shunt or series 
or a combination of both in distribution systems such as 
Dynamic Voltage Restore (DVR), Distribution STATic 
COMpensator (D-STATCOM), and Unified Power Quality 
Conditioner [31-33]. Generally, locating the CPDs for power 
quality improvement can be categorized as either “central 
improvement” or “distributed improvement” [34]. In the 
central improvement schemes the CPDs are installed at the 
point of common coupling to support all customers supplied 
from the feeder, while in the distributed improvement 
schemes the CPDs are installed at the individual buses to 
improve power quality for specific customers. Nonetheless, 
power quality improvement using a single CPD in the 
central improvement configuration is not reasonable and 
economical. Therefore, distributed improvement con-
figuration is preferred by most system planners [35]. 

The ultimate goal in radial distribution systems is to 
determine the optimal location and size of the CPDs to 
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maximize the power quality improvement while minimizing 
the total cost. Therefore, the best types of CPDs and their 
locations in an entire radial distribution system must be 
determined to minimize the costs incurred due to low power 
quality and CPD installation. The general multi-objective 
combinatorial function, C, to solve this problem can be 
formed as [28] 

 

(1)               Minimize C = F(CLPQ, CCPD, CUTI, PUTI) 
       Subject to Ff ≤ Ff-limit 
 

where CLPQ is the attributed cost of low power quality 
posed to customers, CCPD is the cost of CPDs including 
investment, operation, and maintenance costs, CUTI is the 
penalty cost posed to utility due to the lack of the regulatory 
targets, PUTI is the utility revenue due to installation of 
CPDs, and Ff is the optimization constraint. All costs are in 
dollars per year. 

The constraints of the optimization model must be well 
defined to control variables based on real applications [36, 
37]. The general constraints that are usually applied to 
locate CPDs are defined as follows: 

 
i) Bus Voltage Limits 

The bus voltage magnitudes must be kept within 
acceptable operating limits throughout the optimization 
process as 

 

(2)              maxmin VVV i   
 

where Vmin is the lower bound of the bus voltage limits, 
Vmax is the upper bound of the bus voltage limits, and Vi is 
the rms value of the bus voltage. In the case of CPDs, 
these limits are set based on the voltage sag con-
siderations. Therefore, the voltage limits for sensitive loads 
should be within 80% to 90% while these limits should be 
kept at a desired level for overall system bus voltages [38].  

 

ii) Frequency of Voltage Sag 
This limit should be set to mitigate voltage sag in the 

distribution system based on yearly voltage sag frequency 
assessment as 

 

(3)                             Limitii VSVS   
 

where VSi is the voltage sag frequency in the bus, while i 
and VSi-Limit is the maximum acceptable value of the voltage 
sag frequency for the same bus. This assessment can be 
done using the statistical measurement method or analytical 
modelling method [39].  

 

iii) CPD Rating Limits 
The pre-specified maximum power rating of individual 

CPDs should not be exceeded as 
 

(4)                         max CPDCPD SS  
 

where SCPD-max is the maximum acceptable size of CPDs. 
 

iv) Total Harmonic Distortion (THD) Limits 
The harmonic distortion at bus i should be compensated 

to meet the allowable harmonic distortion level as 
 

(5)                          maxTHDTHDi   
 

where THDmax is the maximum allowable harmonic 
distortion level at each bus. 

After determining the suitable objective function and 
constraints, the stopping criterion should be defined based 
on the improvement of the QRA level, which is mostly 
limited by predetermined constraints. Therefore, if all the 
solutions at the given level do not fulfil the predefined 

constraints, the procedure should be iterated until the goal 
solutions are reached [40]. 

 

CPD Placement Using Heuristic Optimization 
Techniques 

Generally, optimization techniques are needed to 
determine the optimum location, type, and parameters of 
each CPD. The objective function has to be multi-objective, 
nonlinear, non-continuous, and non-differentiable due to the 
combination of different devices with different 
characteristics [41]. In other words, this kind of problem can 
be classified as a non-deterministic polynomial problem, 
and its problem size may increase exponentially, which 
would make it very difficult to solve [42]. In recent years, 
several heuristic optimization techniques have been applied 
to solve these kinds of multi-objective combinatorial 
optimization problems in power systems [43-45]. These 
heuristic algorithms search for the solutions within a 
subspace of the total search space to find the optimum 
solution within a reasonable computation time [46, 47]. The 
most important advantage of heuristic algorithms is that 
their solutions are not limited by restrictive assumptions 
about the search space, and these algorithms can also find 
a near global optimum solution [48, 49]. Therefore, many 
researchers have concentrated on various types of heuristic 
optimization techniques to determine the optimal location 
and size of FACTS and CPDs in transmission and 
distribution systems. Figure 1 shows the number of indexed 
research papers related to optimal placement of CPD to 
improve power quality, especially voltage sag mitigation in 
distribution systems. This section presents a review of 
heuristic optimization techniques that have been applied to 
solve optimal CPD placement problems for the 
improvement of QRA. 

 

 
Fig. 1. The number of indexed papers in field of optimal placement 
of CPDs 

 

Genetic Algorithm 
 GA can be classified as a kind of evolutionary algorithm 

that is able to obtain the solutions of optimization problems 
using methods that are derived from natural evolution, such 
as inheritance, mutation, selection, and crossover [50]. The 
GA searches for optimal solutions using the principles of 
evolution based on a certain string that is judged and 
propagated to form the next generation [51]. The algorithm 
is designed to survive the “fitter” strings and propagate 
them into the later generations [52]. The major advantage of 
the GA is the ability of its algorithm to search and find a 
global solution within the optimization process [53]. 
Moreover, the GA has the ability to find the global solution 
among a wide variety of functions including differentiable or 
non-differentiable, linear or nonlinear, continuous or 
discrete, and analytical or procedural functions [54, 55].  

In 2007, a GA-based optimal placement approach was 
proposed to reduce voltage sag cost in the distribution 
system using power electronic controllers including SVC, 
STATIC COMpensator (STATCOM), and DVR [56]. In the 
proposed method, the sag performance is measured using 
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the evaluation of network annual losses due to voltage 
sags, with and without the SVC, STATCOM, and DVR. The 
multi-objective function is formed to minimize the Pay-Back 
Year and Net Present Values of the system. The stopping 
criterion for the GA is set for the time that the best solution 
remains unchanged within a certain number of iterations. 
Otherwise, the GA stops when a certain number of 
generations are reached. 

Another GA-based optimization approach was proposed 
by Zhang to optimally select and allocate CPDs in a 
distribution network to minimize the number of voltage sags 
[57]. In this method, the numbers of sags in different 
magnitude ranges are considered variables to form the 
objective function and niching type of GA (NGA), which is 
applied to find the optimal solutions. The advantage of 
using NGA over simple GA is that NGA has the ability to 
search a wider space by “maintaining genes” diversity in the 
population, which increases the possibility of convergence 
to the global optima. Nonetheless, NGA requires another 
method to determine the distance between two individuals, 
which can dramatically increase the computation time. 

 

Particle Swarm Optimization 
Particle swarm optimization (PSO) was first introduced 

by Kennedy and Eberhart [58]. The technique is based on 
the simulating social behaviour among individuals 
(particles) “flying” through a multidimensional search space, 
in which each particle represents a single intersection of all 
of the search dimensions [59]. In this approach, the 
particles evaluate their positions relative to a goal (fitness) 
at every iteration, and the particles in a local neighbourhood 
share memories of their “best” positions and use those 
memories to adjust their own velocities and subsequent 
positions [60, 61]. The PSO algorithm has the benefits of 
parallel calculation and robustness, and it can find the 
global optimal solution with a higher possibility and 
efficiency than other optimization methods. In addition, 
unlike the GA, PSO has no evolution operators such as 
crossover and mutation, which make it fast converging and 
easy to implement [62]. PSO is widely applied to solve the 
optimal placement of FACTS devices [25] and Distributed 
Generations [63] to improve power quality in transmission 
and distribution systems, but its effectiveness for optimal 
placement of CPDs has not been investigated. 

 

Simulated Annealing 
SA is a powerful optimization approach inspired from the 

resemblance between the minimization process and 
crystallization in a physical system. The SA algorithm 
begins with a feasible solution point, and the solution is then 
perturbed to obtain new feasible solutions that are either 
accepted or discarded, depending on a probabilistic 
acceptance criterion [64]. SA can provide a good 
approximation of the global optimum for functions within a 
large (and even discrete) search space [65]. In addition, for 
some problems and under specific circumstances, SA can 
provide a more efficient solution than the exhaustive 
enumeration-based method, which means that the goal is 
set to find a reasonably global solution within a specific time 
duration rather than the best possible solution [66]. 

A SA-based method has been presented to determine 
the optimal size and location of DVR in power distribution 
system [38]. The method consists of a multi-objective 
function with cost and voltage limit considerations to 
maximize the sensitive loads and overall system voltages. 
In this method, the sensitive load voltage limits are set 
within 80% to 90% of the nominal voltage, while overall 
system voltage limits are considered to be over 60% of the 
nominal voltage for all buses. In addition, the goal 
attainment method [67] is applied to convert the multi-

objective function to a single function for simplification of the 
optimization problem. Finally, SA is applied to solve the 
DVR optimal placement problem and mitigate voltage sag.  

 
Gravitational Search Algorithm 

Gravitational search algorithm (GSA) is an optimization 
algorithm inspired by the law of gravity [68]. In GSA, agents 
are modelled as objects with characteristics that can be 
quantified by their masses. All these objects attract each 
other, and their interactions can be measured by the 
Newtonian laws of gravity. This force causes a global 
movement of all objects toward the objects with heavier 
masses. Therefore, each mass presents a solution, and the 
global solution can be attained by accurately adapting the 
gravitational and inertia masses [69]. 

In 2012, a method was proposed to enhance reliability 
and mitigate voltage sag propagation in power distribution 
systems by optimal placement of D-STATCOM using GSA 
[70]. In this method, the objective function is formed based 
on the fault rate of system buses and distribution 
transformer, where the nominal bus voltages, the current 
flow of the lines, and the system line loss are considered as 
the system operation constraints. Then, a binary version of 
gravitational search algorithm (BGSA) is applied as a 
heuristic computational optimization tool to solve the 
optimization problem. 

 

Other Optimization Techniques 
Dynamic Programming Technique 

Dynamic programming (DP) is a very powerful method 
that is able to solve complex problems by dividing them into 
a collection of sub-problems and undertaking them one by 
one from the smallest one to calculate the larger ones until 
the whole problem is solved [71, 72]. In other words, to 
solve a given problem, the DP algorithm attempts to find a 
solution for different parts of the predetermined problem 
called sub-problems. Then by combining the found 
solutions for the sub-problems, a global solution can be 
determined. The DP technique can drastically reduce the 
computational burden. Nonetheless, this method may lead 
to very similar results with other heuristic techniques but 
with fewer computation time [73]. 

In 2008, an approach was proposed to optimally allocate 
DVR in distribution networks to minimize the number of 
voltage sags using the bottom-up approach and DP 
technique [28]. First the voltage sag frequency of each bus 
is estimated to accurately model the performance of the 
DVRs to mitigate voltage sag. In the next step, the objective 
function is formed using the total cost relevant to the 
voltage sag including the cost of each event, the cost of the 
mitigation devices, and the cost of penalties due to the lack 
of regulatory targets. Finally, the optimization problem of the 
location and size of the mitigation device is solved using the 
bottom-up approach according to the DP paradigm. The 
stopping criterion is set based on the enhancement of the 
power quality level and voltage sag mitigation. 

 

Artificial Neural Network  
Artificial neural networks (ANN) are computational 

techniques whose conception has been motivated from the 
current knowledge of biological neural networks [74]. The 
ANN approach is different mainly because of the 
instantaneous use of a large number of relatively simple 
processors and learning ability by example. These days, 
ANN models are effective tools for the identification and 
control of complex systems that cannot be easily solved in 
many research fields such as medicine, engineering, and 
economics [75]. The ANN has some countable advantages 
including the learning and control ability, adaptation to the 
data, appropriateness, and robustness. Nonetheless, the 
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ANN has some disadvantages such as large dimensionality, 
choice of the optimal configuration, and difficulty to select 
among various training methods. 

In 2011, an ANN-based optimization approach was 
proposed to optimally locate the D-STATCOM in distribution 
systems to mitigate voltage sag [76]. The feed forward type 
of neural network is trained by post-fault voltage magnitude 
of three phases at different buses and different fault types 
to solve the optimization problem. In addition, the normal 
p.u. voltages of the different buses are considered as the 
output target data. After network training, some data are 
used to test the performances of the network and provide 
information about the most insecure bus of the system 
based on the highest deviation of the bus voltage from the 
target voltages. The bus with the highest deviation from the 
target is considered as the optimal location of D-STATCOM 
to mitigate the voltage sag problem. 

 

Hybrid Optimization Techniques 
Two or more optimization techniques should be 

combined to improve the performance of the optimization 
process to create a hybrid optimization system. During the 
last decade, hybrid systems have been applied in 
engineering applications. 

In 2011, a stochastic-based assessment using the 
weighted sampling method and GA was proposed to 
optimize the cost of placing series compensation devices 
including DVR and a new type of CPD named Thyristor 
Voltage Regulator for voltage sag mitigation in distribution 
systems [34]. Due to the sensitivity of the GA results to 
parameters that govern the crossover and mutation 
process, the weighted sampling method is applied to 
simplify the problem using the probability densities of 
voltage sags, which are obtained from power quality 
surveys. After simplification of the problem, the GA as a 
global-search tool is applied to achieve reliable and fast 
convergence to determine the optimization solution. 

 

Conclusion 
This paper presents a survey of the work published on 

the application of different optimization techniques to solve 
the optimal placement and sizing problem of the CPDs in 
power distribution systems. This paper also considers a list 
of related published references as essential research 
guidelines in the field of optimal CPD placement and sizing 
to improve power quality. In addition, various kinds of single 
and hybrid optimization techniques that were used to 
address the problem are summarized and classified.  

 

REFERENCES 
[1] Bollen, M.H.J., Understanding power quality problems. 2000: 

IEEE press New York. 
[2] Brown, R.E., Electric power distribution reliability. Vol. 14. 

2002: CRC. 
[3] Billinton, R., et al. Reliability issues in today's electric power 

utility environment. IEEE Transactions on Power Systems, 12 
(1997), No.4, 1708-1714. 

[4] Dugan, R.C., et al., Electrical Power Systems Quality (2nd 
Edition). 2003: McGraw-Hill. 

[5] Arrillaga, J., M.H.J. Bollen, and N.R. Watson. Power quality 
following deregulation. Proceedings of the IEEE, 88 (2000), 
No.2, 246-261. 

[6] Bollen, M.H.J. Fast assessment methods for voltage sags in 
distribution systems. in IEEE Industry Applications Conference, 
1995. 2282-2289. 

[7] Farhoodnea, M., A. Mohamed, and H. Shareef. Identification of 
multiple harmonic sources in power systems using independent 
component analysis and mutual information. International 
journal of engineering intelligent systems for electrical 
engineering and communications, 18 (2010), No.1, 51-63. 

[8] Arnold, R. Solutions to the power quality problem. Power 
Engineering Journal, 15 (2001), No.2, 65-73. 

[9] Madtharad, C., et al. PEA's premium power service: Baseline 
and risk assessment. in 9th International Conf. on Electrical 
Power Quality and Utilisation, (EPQU 2007), 2007. 1-6. 

[10] Stones, J. and A. Collinson. Power quality. Power Engineering 
Journal, 15 (2001), No.2, 58-64. 

[11] Samaras, K., et al. Electrical surge protection devices for 
industrial facilities - a tutorial review. in Industry Applications 
Society 52nd Annual Petroleum and Chemical Industry 
Conference, 2005. 165-175. 

[12] Eto, J., D. Divan, and W. Brumsickle, Pilot evaluation of 
electricity-reliability and power-quality monitoring in California's 
Silicon Valley with the I-Grid (R) system. 2004, U.S. 
Department of Energy. p. 1-40. 

[13] Edinger, R. and S. Kaul. Humankind's detour toward 
sustainability: past, present, and future of renewable energies 
and electric power generation. Renewable and Sustainable 
Energy Reviews, 4 (2000), No.3, 295-313. 

[14] Nara, K., Y. Mishima, and J. Hasegawa. A new type power 
delivery system for reliable power supply-FRIENDS and its 
optimal network design. in International Conference on Power 
System Technology (PowerCon), 2000. 649-654. 

[15] Nara, K. and J. Hasegawa. Configuration of new power delivery 
system for reliable power supply. in IEEE Power Engineering 
Society Summer Meeting, 1999. 248-253. 

[16] Domijan, A., et al. Premium Power Park: the next step in Power 
Quality. in Proceedings of the Caribbean Colloquium on Power 
Quality (CCPQ), 2003. 

[17] Chiumeo, R. and C. Gandolfi. D-STATCOM control system and 
operation in a configuration of Premium Power Park. in 14th 
International Conference on Harmonics and Quality of Power 
(ICHQP), 2010. 1-7. 

[18] Arora, A., et al. Innovative system solutions for power quality 
enhancement. ABB REV., (1998), No.3, 4-12. 

[19] Sirjani, R., A. Mohamed, and H. Shareef. Optimal placement 
and sizing of Static Var Compensators in power systems using 
Improved Harmony Search Algorithm. PRZEGLAD 
ELEKTROTECHNICZNY, 87 (2011), No.7, 214-218. 

[20] Sirjani, R., A. Mohamed, and H. Shareef, A hybrid BCO/HS 
algorithm for optimal placement and sizing of static Var 
compensators in power systems, in Proceedings of the 10th 
WSEAS international conference on System science and 
simulation in engineering. 2011, World Scientific and 
Engineering Academy and Society (WSEAS): Penang, 
Malaysia. p. 54-59. 

[21] Jahani, R., et al. Optimal Placement of Unified Power Flow 
Controller in Power System by a New Advanced Heuristic 
Method. Technical and Physical Problems of Engineering 
2(2010), No.5, 13-18. 

[22] Jordehi, A.R. and J. Jasni. Heuristic methods for solution of 
FACTS optimization problem in power systems. in IEEE 
Student Conference on Research and Development 
(SCOReD), 2011. 30-35. 

[23] Orfanogianni, T. and R. Bacher. Steady-state optimization in 
power systems with series FACTS devices. Power Systems, 
IEEE Transactions on, 18 (2003), No.1, 19-26. 

[24] Eajal, A.A. and M. El-Hawary. Optimal capacitor placement and 
sizing in unbalanced distribution systems with harmonics 
consideration using particle swarm optimization. IEEE 
Transactions on Power Delivery, 25 (2010), No.3, 1734-1741. 

[25] Parastar, A., A. Pirayesh, and J. Nikoukar. Optimal location of 
FACTS devices in a power system using modified particle 
swarm optimization. in 42nd International Universities Power 
Engineering Conference (UPEC) 2007. 1122-1128. 

[26] Venayagamoorthy, G.K. Dynamic optimization of a 
multimachine power system with a FACTS device using 
identification and control ObjectNets. in 39th IAS Annual 
Meeting on Industry Applications Conf., 2004. 2643-2650 vol.4. 

[27] Raj, P.A.D.V., et al. Particle Swarm Optimization Based Energy 
Optimized Dynamic Voltage Restorer. in Joint International 
Conference on Power System Technology and IEEE Power 
India Conference 2008. 1-6. 

[28] Pilo, F., G. Pisano, and G.G. Soma. Optimal placement of 
custom power devices to mitigate voltage dips in distribution 
networks. in 13th International Conference on Harmonics and 
Quality of Power, 2008. 1-7. 

[29] Devaraju, T., V.C.V. Reddy, and M.V. Kumar. Role of custom 
power devices in Power Quality Enhancement: A Review. 
International Journal of Engineering Science, 2), No. 



PRZEGLĄD ELEKTROTECHNICZNY (Electrical Review), ISSN 0033-2097, R. 88 NR 11a/2012                                                    265 

[30] Domijan Jr, A., et al. Custom power devices: an interaction 
study. IEEE Trans. Power Syst. 20 (2005), No.2, 1111-1118. 

[31] Ghosh, A. and G. Ledwich, Custom Power Devices: An 
Introduction, in Power Quality Enhancement Using Custom 
Power Devices. 2002, Springer US. p. 113-136. 

[32] Pal, Y., A. Swarup, and B. Singh. A Review of Compensating 
Type Custom Power Devices for Power Quality Improvement: 
IEEE, 2008. 1-8. 

[33] Brenna, M., R. Faranda, and E. Tironi. A New Proposal for 
Power Quality and Custom Power Improvement: OPEN UPQC. 
IEEE Trans. on Power Delivery, 24 (2009), No.4, 2107-2116. 

[34] Chang, C.S. and Y. Zhemin. Distributed mitigation of voltage 
sag by optimal placement of series compensation devices 
based on stochastic assessment. IEEE Transactions on Power 
Systems 19 (2004), No.2, 788-795. 

[35] Heine, P., et al. A method for estimating the frequency and cost 
of voltage sags. IEEE Transactions on Power Systems, 17 
(2002), No.2, 290-296. 

[36] Baldick, R., Applied optimization: formulation and algorithms for 
engineering systems. 2006: Cambridge Univ Pr. 

[37] Ben-Tal, A., L. El Ghaoui, and A.S. Nemirovskiĭ, Robust 
optimization. 2009: Princeton Univ Pr. 

[38] Ghazi, R. and H. Kamal, Optimal size and placement of DVR's 
in distribution system using simulated annealing (SA), in 18th 
International Conference and Exhibition on Electricity 
Distribution (CIRED 2005) 2005. p. v5-82. 

[39] Wei, X., W. Ying, and X. Xianyong. Analytical interval 
assessment method of voltage sag frequency considering the 
satisfaction degree of sensitive customer. in 37th Annual Conf. 
on IEEE Industrial Electronics Society, 2011. 837-842. 

[40] Gill, P.E., W. Murray, and M.H. Wright, Practical optimization. 
Vol. 1. 1981: Academic press. 

[41] Reyna, A.A.C., Applications of the differential evolution 
optimization algorithm in power systems planning, operation 
and control. 2006, Citeseer. 

[42] Hwang, K., Advanced computer architecture: parallelism, 
scalability, programmability. Vol. 199. 1993: McGraw-Hill 
Singapore. 

[43] Gen, M. and R. Cheng, Genetic algorithms and engineering 
optimization. Vol. 7. 2000: Wiley-interscience. 

[44] Favuzza, S., G. Graditi, and E.R. Sanseverino. Adaptive and 
dynamic ant colony search algorithm for optimal distribution 
systems reinforcement strategy. Applied Intelligence, 24 
(2006), No.1, 31-42. 

[45] Toune, S., et al. Comparative study of modern heuristic 
algorithms to service restoration in distribution systems. IEEE 
Transactions on Power Delivery 17 (2002), No.1, 173-181. 

[46] Gerbex, S., R. Cherkaoui, and A.J. Germond. Optimal location 
of multi-type FACTS devices in a power system by means of 
genetic algorithms. IEEE Transactions on Power Systems, 16 
(2001), No.3, 537-544. 

[47] Gerbex, S., R. Cherkaoui, and A.J. Germond. Optimal location 
of FACTS devices to enhance power system security. in IEEE 
Bologna Power Tech Conf. Proceedings 2003. 7 pp. Vol.3. 

[48] El Metwally, M.M., et al. Optimal allocation of FACTS devices 
in power system using genetic algorithms. in 12th International 
Middle-East Power System Conference, 2008. 1-4. 

[49] Mosaad, M., M. El Metwally, and F. El Bendary. On-Line 
Optimal Power Flow Using Evolutionary Programming 
Techniques. Thammasat International Journal of Science and 
Technology, 15 (2010), No.1. 

[50] Goldberg, D.E., Genetic algorithms in search, optimization, and 
machine learning. 1989: Addison-wesley. 

[51] Deb, K. Genetic algorithm in search and optimization: the 
technique and applications: Proceedings of Int. Workshop on 
Soft Computing and Intelligent Systems, 1998. 58-87. 

[52] Taher, S.A., M. Hasani, and A. Karimian. A novel method for 
optimal capacitor placement and sizing in distribution systems 
with nonlinear loads and DG using GA. Communications in 
Nonlinear Science and Numerical Simulation, 16 (2011), No.2, 
851-862. 

[53] Mardle, S. and S. Pascoe. An overview of genetic algorithms 
for the solution of optimisation problems. Computers in Higher 
Education Economics Review, 13 (1999), No.1, 16-20. 

[54] Haupt, R.L., S.E. Haupt, and J. Wiley, Practical genetic 
algorithms. 2004: Wiley Online Library. 

[55] Ketabi, A. and S.A. Hosseini. A new method for optimal 
harmonic meter placement. American Journal of Applied 
Sciences, 5 (2008), No.11, 1499-1505. 

[56] Yan, Z. and J.V. Milanovic. Voltage sag cost reduction with 
optimally placed FACTS devices. in 9th International Conf. on 
Electrical Power Quality and Utilisation, 2007. 1-6. 

[57] Zhang, Y. and J.V. Milanovic. Global Voltage Sag Mitigation 
With FACTS-Based Devices. IEEE Transactions on Power 
Delivery 25 (2010), No.4, 2842-2850. 

[58] Bai, H. and B. Zhao, A Survey on Application of Swarm 
Intelligence Computation to Electric Power System, in 
Proceedings of the 6th World Congress on Intelligent Control 
and Automation. 2006. p. 7587-759. 

[59] Carlisle, A. and G. Dozier. Adapting particle swarm optimization 
to dynamic environments, 2000. 429-434. 

[60] Wei, Y. and L. Qiqiang. Survey on Particle Swarm Optimization 
Algorithm. Engineering Science, 5 (2004), No.5, 87-94. 

[61] Shao-rong, H. Survey of particle swarm optimization algorithm. 
Computer Eng. and Design, 30 (2009), No.8, 1977-1980. 

[62] Dian, P.R., M.S. Siti, and S.Y. Siti. Particle Swarm 
Optimization: Technique, System and Challenges. International 
Journal of Computer Applications, 14 (2011), No.1, 19-27. 

[63] Amanifar, O. and M.E.H. Golshan, Mitigation of Voltage Sag by 
Optimal Distributed Generation Placement and Sizing in 
Distribution Systems with Economic Consideration Using 
Particle Swarm Optimization, in International Power System 
Conference. 2011: Tehran, Iran. 

[64] Ghose, T. and S. Goswami. Effects of unbalances and 
harmonics on optimal capacitor placement in distribution 
system. Electric Power Systems Research, 68 (2003), No.2, 
167-173. 

[65] De Castro, L.N. and J. Timmis, Artificial immune systems: a 
new computational intelligence approach. 2002: Springer  

[66] Atsalakis, G. and K. Tsakalaki. Simulating annealing and neural 
networks for chaotic time series forecasting. Chaotic Modeling 
and Simulation, (2012), No.1, 81-90. 

[67] Vira, C. and Y.Y. Haimes, Multiobjective decision making: 
theory and methodology. 1983: North-Holland. 

[68] Rashedi, E., H. Nezamabadi-Pour, and S. Saryazdi. GSA: a 
gravitational search algorithm. Information Sciences, 179 
(2009), No.13, 2232-2248. 

[69] Rashedi, E., H. Nezamabadi-Pour, and S. Saryazdi. BGSA: 
binary gravitational search algorithm. Natural Computing, 9 
(2010), No.3, 727-745. 

[70] Salman, N., A. Mohamed, and H. Shareef. Reliability 
Improvement in Distribution Systems by Optimal Placement of 
DSTATCOM Using Binary Gravitational Search Algorithm. 
PRZEGL ĄD ELEKTROTECHNICZNY (Electrical Review), 88 
(2012), No.2, 295-299. 

[71] Bertsekas, D.P., Dynamic programming and stochastic control. 
Vol. 125. 1976: Academic Pr. 

[72] Bellman, R. The theory of dynamic programming. Bull. Amer. 
Math. Soc, 60 (1954), No.6, 503-515. 

[73] Dasgupta, S., C.H. Papadimitriou, and U.V. Vazirani, 
Algorithms. 2007: McGraw-Hill. 

[74] Shokir, E., A. Alsughayer, and A. Al-Ateeq. Permeability 
estimation from well log responses. Journal of Canadian 
Petroleum Technology, 45 (2006), No.11. 

[75] Nascimento Jr, C.L. Artificial neural networks in control and 
optimization. Doctor Thesis. University of Manchester. 
Manchester, (1994), No. 

[76] Tanti, D., et al. An Ann Based Approach for Optimal Placement 
of Dstatcom for Voltage Sag Mitigation. International Journal of 
Engineering Science, 3 (2010), No.2, 827-835. 

 
Authors: Masoud Farhoodnea, Azah Mohamed, Hussain Shareef, 
Hadi Zayandehroodi are with the Department of Electrical, 
Electronic and System Engineering, Faculty of Engineering, 
Universiti kebangsaan Malaysia (UKM), Selangor, Malaysia.  
(Email: masoud@eng.ukm.my), 
(Email: azah@eng.ukm.my), 
(Email: hussain_ln@yahoo.com),  
(Email: h.zayandehroodi@yahoo.com).  
The correspondence address is: Masoud Farhoodnea 
(E-mail: masoud@eng.ukm.my) 


