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Abstract. The paper presents the algorithm of numerical characterization of the histological structures existing in the images of the prostate cancer 
able to associate the image with the Gleason scale. These descriptors characterize the geometry of ducts by applying different measures, like the 
area defined in different way, perimeter, two types of diameters of the ducts (the short and long ) as well as some relative coefficients relating 
different geometrical parameters to each other. We will analyze the numerical characterization of the discrimination abilities of different descriptors 
by applying Fisher measure and the application of the principal component analysis (PCA) to develop the most efficient feature set, able to associate 
the graphical image of the biopsy with a Gleason scale in an automatic way by applying Support Vector Machine as the classifier. 
 
Streszczenie Praca przedstawia algorytm parametryzacji elementów struktur histologicznych w obrazach mikroskopowych prostaty która może 
znaleźć zastosowanie w automatycznym rozróżnianiu klas chorobowych raka prostaty opisanych skalą Gleasona. Obrazy struktur wydzielone z 
obrazu poddano procesowi parametryzacji, czyli opisowi cech przy użyciu deskryptorów numerycznych. Jakość poszczególnych deskryptorów 
zbadano przy zastosowaniu miary Fishera i transformacji PCA, których wyniki wskazują jednoznacznie na cechy mogące mieć znaczenie przy 
rozwiązywaniu zadania automatycznej klasyfikacji obrazów, przypisując ich wygląd do określonej skali Gleasona. Ostatni etap rozpoznania skali 
Gleasona jest realizowany przy użyciu klasyfikatora typu Support Vector Machine, który dokonuje przypisania danego obrazu do określonej skali 
Gleasona. (Algorytm parametryzacji elementów struktur histologicznych w obrazach mikroskopowych prostaty) 
 
Keywords: mathematical morphology, Gleason grade, parameterization, image processing. 
Słowa kluczowe: morfologia matematyczna, skala Gleasona, parametryzacja, przetwarzanie obrazów. 
 
 
Introduction and medical basis 

The paper will present the algorithm of numerical 
characterization of the histological structures existing in the 
images of the prostate cancer which provides compatibility 
with the Gleason scale [5]. The Gleason scale enables the 
likely aggressiveness of prostate cancer to be measured. 
Fig. 1 illustrates the graphical connection between the view 
of the histological structure and the Gleason scale [12]. The 
prostate cell is given the grade of 1 when it looks like the 
normal cell. The grade of 5 is given to the most abnormal 
and undifferentiated cancerous cells. Gleason grades from 
2 to 4 are the intermediate grades [1-4]. 

 

 
Fig. 1 The illustration of the Gleason scale on the basis of the 
histological structures of the ducts [12] 
 
 The basic task of the research is to create fully 
automatic classifier able to associate the prostate biopsy 
image with the Gleason grade of the prostate cancer. Such 
automatic system will do all steps automatically, starting 
from the image of the biopsy and finally pointing the level of 
the Gleason scale. In this way the developed system will be 
able to support the medical diagnosis of this type of cancer. 
 In our experiments we have analyzed the data 
corresponding to 32 images of biopsy corresponding to 
Gleason scales from 2 to 5. Among these cases there were 
nine images representing scale 2, seven of scale 3, eleven 
of scale 4 and five belonging to the scale 5. 
 
Extraction of the duct structure 

The first stage of the image processing is aimed on the 
extraction of the ducts existing in the image. We have 
solved this problem by applying mathematical morphology 
operations, such as erosion, dilation, opening, closing, hole 

filling, etc. [6,7]. The detailed description of this procedure 
was presented in [13] and includes creation of binary 
image, recognition of the tissue contour, formation of ducts 
contour, filling these contours and finally separation of the 
individual ducts for further parameterization. Fig. 2 
illustrates the most important steps of the ducts extraction.  
 

 
a) 

 
b) 

 
c) 

 
d) 

 
e) 

 
f) 

Fig. 2 The most important stages of the extraction algorithm: a) 
original image, b) binary image, c) tissue contour, d) ducts 
contours, e) visualization of the ducts on the tissue image, f) final 
result of segmentation 
 
The ducts parameterization 

The extracted ducts are subject to the numerical 
characterization by using geometrical descriptors. The 
values of these descriptors characterize the geometry of the 
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ducts by applying different measures, like the area (defined 
in different way), perimeter, two diameters of the ducts (the 
short and long) as well as some relative coefficients relating 
different parameters to each other. In this way the whole set 
of geometrical parameters describing the ducts existing in 
the image of the biopsy are created. In particular the 
following descriptors have been directly determined: the 
number of ducts – N, area of the ducts – A, convex area – 
Ac, sum of the areas of ducts – As, area of the tissue – Atk, 
long diameter – Dl, short diameter - Ds, distance between 
the neighboring ducts - Dn, perimeter – P, convex perimeter 
- Pc. Besides these parameters we have defined some 
relative measures. They include [13] 
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These parameters describing the geometry of the ducts 
extracted from the image are potential diagnostic features 
that can be used by the neural classifier to recognize 
different patterns of the histological structures. For the 
purpose of further processing we have applied the statistical 
normalization of the data according to the relation 
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in which fi is the ith value of feature f, while mean and 
standard deviation (std) are calculated for all values of f 
available in the set of data.  
 
The feature selection 

In the next step we have to characterize all extracted 
ducts by the mentioned geometrical parameters and then 
use the chosen measure of quality to select the most 
discriminative features. In our study we have used the well 
known Fisher quality measure SAB(f) of the feature f 
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In this definition cA, cB and σA, σB are the mean values and 
standard deviations of the feature f in the class A and B, 
respectively. The higher is the value of SAB(f) the better is 
the ability of the feature f to recognize between the classes 
A and B. 

Table 1 presents the values of this Fisher measure [12] 
for each of the candidate feature at recognition of images 
representing four investigated classes (nine representatives 

of scale 2, seven of scale 3, eleven of scale 4 and five of 
scale 5). As we can see the ability of each feature to 
recognize two classes is changing for different combination 
of classes. We have to select the feature which is the best 
for all classes. Therefore in the last column we have added 
the summed discriminative power for recognition of all pairs 
of classes. They have been arranged according to this sum 
in an increasing order. To the best features belong: N, Fe, 
Fch and Ac. On the other side the least discriminative are 
Fcer and Fr. It is difficult to decide in advance where is the 
boundary of the best features. It is even more challenging 
since at cooperative performance of all features their 
discriminative ability may change.  
 
Table 1 Fisher measure of the geometrical parameters 
characterizing prostate cancer of four Gleason scales (four classes) 

Descriptor S23 S24 S25 S34 S35 S45 SUM
Fce 0,08 0,09 0,10 0,00 0,02 0,02 0,30 
Fr 0,00 0,13 0,15 0,11 0,13 0,00 0,52 
Fcc 0,54 0,04 0,03 0,51 0,49 0,00 1,61 
dl 0,32 0,13 0,33 0,36 0,51 0,17 1,81 
P 0,37 0,47 0,59 0,14 0,32 0,18 2,07 

Atk 0,24 0,41 0,23 0,65 0,43 0,12 2,08 
dn 0,11 0,46 0,59 0,34 0,48 0,17 2,14 
As 0,27 0,48 0,33 0,55 0,33 0,22 2,18 
ds 0,80 0,52 0,63 0,15 0,07 0,07 2,24 
Fc 0,91 0,06 0,00 0,64 0,59 0,04 2,24 
Fh 0,75 0,45 0,64 0,23 0,09 0,15 2,30 
Pc 0,53 0,54 0,75 0,12 0,37 0,21 2,52 
A 0,16 0,44 0,68 0,55 0,78 0,22 2,83 
Ac 0,16 0,62 0,84 0,72 0,92 0,23 3,48 
Fch 1,29 0,49 0,81 0,65 0,37 0,27 3,88 
Fe 0,64 0,82 1,31 0,24 0,61 0,29 3,91 
N 0,07 0,62 1,27 0,44 0,94 0,60 3,94 

To solve the problem of selection we have applied 
principal component analysis (PCA) of the data. PCA is a 
method of the linear transformation of the original data set 
represented by vector samples x into a new set of vector 
samples y with the reduced dimensions, where y=Wx with 
W the PCA transformation matrix [8]. Presenting the results 
of PCA on the plane allows the user to assess the 
recognition capability of the presented feature set in a visual 
way. Fig. 3 presents the distribution of the eigenvalues of 
the autocovariance matrix Rxx corresponding to all 17 
features. As it is seen this is the uniform exponential 
distribution and once again it is very hard to establish the 
border between the most and least important features for 
automatic recognition of the Gleason scale. 

 
Fig. 3 The distribution of the succeeding eigenvalues of the 
autocovariance matrix Rxx 
 

To find the best set of features we have applied the 
graphical presentation of the multidimensional data mapped 
on two most important principal components PCA1 and 
PCA2 at application of different number of the features. The 
criterion of optimality is the best separation of data 
belonging to different classes (Gleason scales). Fig. 4 
illustrates the distribution of data belonging to four classes 
at application of all 17 original features. The sign of x 
represents Gleason scale 2, the star – scale 3, the sign of 
triangle down – scale 4 and pentagram – scale 5.  
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Fig. 4 The dataset projection of the data represented by full set of 
features on the 2 principal components 
 

To find the best set of features we have mapped the 
original data on the PCA two-dimensional system at 
assumption f different numbers of features, and assessing 
the data distribution in a visual way. We got the best 
discrimination of classes at representation of data by 11 
best features. Fig. 5 presents this distribution of data at 
application of only 11 best features in the vector x. As it is 
seen the representation of data by 11 features seems to be 
much better in comparison to the case of all features 
(smaller number of interlacing samples of different classes 
of data).  
 

 
Fig. 5 The dataset projection of the data represented by 11 best 
features on the 2 principal components 
 

The dataset presented in both figures contains images 
coming from 32 patients of different stages of development 
of the prostate cancer (Gleason scale from 2 to 5).  
 
The SVM classification of data 
The final stage of the procedure is to classify the data into 
four predefined classes. Since the number of data is scarce, 
the best results of recognition are achieved at application of 
Support Vector Machine as the classifier, known as the 
excellent tool of good generalization ability for classification 
problems, even at small representation of data [14]. To deal 
with many classes we have applied one-against-one 
strategy [8]. 

The Gaussian kernel SVM classifiers have been found 
the best in our application. The optimal values of 
regularization parameter C and hyperparameter σ of the 
Gaussian function were determined for each pair of classes 
independently, after additional series of learning 
experiments through the use of the validation test sets. 
Many different values of C and σ combined together in the 
learning process have been used in the learning process 
and their optimal values are those for which the 
classification error on the validation data set was the 
smallest one (C=1000, σ=0.05). The SVM networks were 
trained using modified Platt algorithm [8,10]. To get the 
most objective results at small number of data we have to 
apply the leave-one-out method. 31 data points were used 
to train the SVM classifier and the last one used to test it. 

This process was repeated 32 times and the final score is 
the mean of all trials. At application of all 17 features we 
have got 5 wrong recognized samples (the relative error 
equal 15,6%). Reducing the number of features to the best 
11 parameters the number of misclassified samples was 
reduced to 1 (the relative error equal 3%). This confirms the 
significance of the selection stage of the features. 
 
Conclusions 

The paper has presented the computerized system for 
the automatic analysis of the biopsy image of the prostate 
cancer. The recognition of the Gleason scale is done by 
extracting the histological duct structure, parameterization 
of the extracted ducts and using the selected number of 
these parameters as the diagnostic features in the final 
recognition step perform by applying SVM. The aim of the 
SVM classifier, doing this step is to associate the duct 
structure of the image with the Gleason scale. The 
important advantage of the solution is the automation of this 
very difficult work, not possible to be done manually by the 
human expert. The developed system was applied to the 
analysis of 32 medical images corresponding to different 
stages of the prostate cancer (Gleason scale) and the 
results are very encouraging.  
  

RFERENCES 
[1] C ieś l ińsk i  P . ,  Dade j  R . ,  Kwias  Z ., Rak stercza. 

Współczesna Onkologia, 2002,  vol. 6, 2, 108-116 
[2] Duncan W., Recent results in cancer research #78: Prostate 

cancer. Heildelberg: Springer Verlag, 1981  
[3] Grayhack  J . ,  Kee le r  T . ,  Koz lowsk i  J . ,  Carcinoma of 

the prostate. Cancer, 2006, vol. 60,  pp.589 - 601 
[4] Pee l ing   W.  B . ,  A lgaba  F .  Update on urology prostate 

cancer. EJSO, 1996, vol. 22, no1, pp. 102-106   
[5] G leason  D .F . ,  Me l l i nger  G .T ., Prediction of prognosis 

for prostatic adenocarcinoma by histological grading and 
clinical staging. Journal of Urology, 1974, vol. 111, pp. 58–64 

[6] So i l e  P . ,  Morphological image analysis, principles and 
applications. Berlin: Springer Verlag, 2003. 

[7] Tadeus iewicz  R . ,  Korohoda  P . ,  Komputerowa analiza i 
przetwarzanie obrazów. Kraków: Wyd. Post. Telekom., 1997. 

[8] Osowsk i  S . ,  Sieci neuronowe do przetwarzania informacji. 
Warszawa: Oficyna Wydawnicza PW, 2006 

[9] K ruk  M., Automatyczny system rozpoznawania komórek na 
podstawie obrazu mikroskopowego wybranej tkanki ludzkiej dla 
potrzeb diagnostyki medycznej, Ph.D. PW, 2008 

[10] Matlab user manual, MathWorks, 2007 
[11] Cytowsk i  J . ,  G ie leck i  J . ,  Go la  A ., Cyfrowe 

przetwarzanie obrazów medycznych., Warszawa: Exit, 2008 
[12] http://talkaboutprostatecancer.files.wordpress.com 
[13] K ruk  M. ,  Osowsk i  S . ,  Kok tysz  R ., Segmentacja i 

parametryzacja struktur histologicznych w obrazach 
mikroskopowych prostaty dla oceny skali Gleasona. Przegląd 
Elektrotechniczny, 2010, vol. 86, No 5, pp. 5-9 

[14]  Schö lkop f  B . ,  Smo la  A . ,  Learning with kernels,  
Cambridge, MIT Press, MA. 2002 

 
 

Authors: dr inż. Michał Kruk, Warsaw University of Life Sciences, 
Faculty of Applied Informatics and Mathematics Email: 
krukm@iem.pw.edu.pl;  
prof. dr hab. inż. Stanisław Osowski, Warsaw University of 
Technology, Institute of the Theory of Electrical Engineering, 
Measurement and Information Systems, Military University of 
Technology, Institute of Electronic Systems, Email: 
sto@iem.pw.edu.pl.  
med. dr Robert Koktysz, Department of Pathology, Military Institute 
of Medicine, rkoktysz@poczta.onet.pl. 

 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


